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Abstract
We show theoretically that the poor can benefit from price changes induced by
higher income inequality. As the number of poor in a society increases, or
when the income difference between rich and poor increases, the market for
products aimed towards the poor grows and such products become more
profitable. As a result, there are circumstances where an increase in poverty
associates with higher purchasing power of the poor. Using cross-country data
at two points in time on the price of rice and Big Mac hamburgers, we confirm
the relationship between inequality and purchasing power of the poor, and
show that it is robust to several control variables and also to a first-difference
specification.
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power. If prices depend on the income distribution, these changes will have
both direct and indirect effects on purchasing power.
Consider the change in purchasing power of the poor resulting from a change
in the income of the poor. The effect can be decomposed into a direct effect
caused by the change in income, and an indirect effect caused by changes in
the prices of goods consumed by the poor:
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If prices are unaffected by a change in γ,
simplifies to
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and the expression above

. Similarly, the change in purchasing power of the poor resulting

from a change in the income of the rich will be
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Finally, the change in purchasing power of the poor resulting from a change in
the poverty rate will be
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Clearly, the signs of the derivatives

,

)
, and

are important. In the

short run, changes in γ, λ and r will lead to demand shifts causing short run
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Definition The market segregation effect:
As defined, pP decreases both when the poor become poorer and when the rich
become richer.
Intuitively, both purchasing power effects work through the mechanism that
inferior goods will be part of a profit maximizing strategy for firms only if the
demanded quantity is high enough. This will be true if the poor are sufficiently
numerous, (the market size effect), or if the income distance between rich and
poor is sufficiently large (the market segregation effect).
Finally, note that in our model, any change – an increase in r or λ, or a decrease
in γ – that leads to an increase in Gini-inequality of income will associate with a
decrease in pP, assuming that both the market size effect and the market
segregation effect is present. This means that comparisons of income inequality
across countries will overstate the differences in inequality of purchasing
power.
The next section examines empirically if higher Gini-inequality indeed
associates with lower prices of two inferior goods: Rice and Big Mac
hamburgers.

3. Empirical evidence
We use data from the UBS-publication Prices and Earnings, mainly known for
providing the Big Mac index that shows how long an average wage earner has
to work to afford the well-known hamburger across countries. Based on
surveys in 73 cities across the world, the report provides a comparison of both
prices for various goods and average incomes, and uses this information to
calculate measures of purchasing power to compare the living standard in each
of the cities surveyed.4
The data provided by UBS is very adequate for testing model predictions and
analyzing the relationship between inequalities and prices. First, all countries
covered are classified as either middle- or high-income countries. Consequently
the model assumption on a poverty rate lower that 0.5 is likely not violated.
Second, the UBS data is suitable with respect to the types of goods covered.
We use information regarding the number of minutes work required at the
average hourly net wage in each city to buy 1 kg rice and 1 Big Mac. These
goods are chosen because they are highly standardized and likely demanded
4 Reports are available at
http://www.ubs.com/1/e/wealthmanagement/wealth_management_research/prices_e
arnings.html
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relatively more by the poor than the rich in a developed context. To maximize
the number of cities included, while maintaining comparability over time, we
use data from the 2009 and the 1997 UBS reports. Table A1 in the Appendix
presents the countries included in the analysis.
The purchasing power effects imply that, controlling for average income,
higher income inequality should associate with a lower price of these goods
and thus fewer minutes of work required to buy the goods. Table 1 presents a
first test estimating a pooled regression, using country data from 1997 and
2009 on net income Gini coefficients from Solt (2008) updated in 2011, log real
GDP per capita from Heston et al. (2009), and controlling for taxes as share of
GDP (Heritage Foundation 2009), log population size, urbanization, and
geographical dummies (World Bank, 2010).5 Since the impact on purchasing
power is unlikely to be instant, particularly the effect of higher inequality, these
variables are lagged.6 This specification also reduces the bias following from
potential reverse causality. Table A2 in the Appendix provides descriptive
statistics for all of the above variables.
Table 1
regressions

Inequality and the price of rice and Big Mac - Pooled

Gini (net income)

Rice

Rice

Rice

Big Mac

Big Mac

Big Mac

0.535*
[0.303]

-0.450**
[0.191]
-19.92***
[3.003]

1.795***
[0.671]

0.181
[0.404]
-32.64***
[4.993]

77
0.058

77
0.611

-0.636**
[0.265]
-19.62***
[2.760]
-0.196
[0.197]
-0.615
[0.984]
0.0380
[0.0896]
17.90
[15.69]
1.368
[5.101]
0.799
[6.985]
77
0.632

77
0.183

77
0.604

-1.385***
[0.496]
-33.04***
[4.622]
-0.382
[0.315]
-3.338*
[1.713]
0.0845
[0.157]
76.45***
[21.58]
9.334
[9.362]
44.15***
[12.36]
77
0.747

log GDP per capita
Tax (% of GDP)
log Population
Urbanization
Sub-Saharan Africa
Asia
Latin America
Number of observations
R-squared
Robust standard errors in brackets
*** p<0.01, ** p<0.05, * p<0.1

The bivariate correlation between income inequality and the price of rice is
positive, suggesting that rice is more expensive more unequal countries. This is,
however, driven by the well-documented fact that poorer countries are more
unequal on average. In particular the relationship between average income and
GDP per capita, taxes, urbanization and population is collected for the years 1993 and
2005 respectively. The net income Gini variable refers to average income inequality
1992-1995 and 2004-2007 respectively.
6 GDP per capita, taxes, urbanization and population is collected for the years 1993 and
2005 respectively. The net income Gini variable refers to average income inequality
1992-1995 and 2004-2007 respectively.
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income inequality is negative across middle- and high income countries (see
e.g. Ferreira and Ravallion 2008). Once controlling for GDP per capita, the
sign for income inequality is reversed. Furthermore, as shown in column 3 of
table 1, the negative relationship between inequality and the price of rice
strengthens when introducing additional control variables. The same pattern
holds for the price of Big Mac hamburgers (column 4 to 6): The positive
coefficient on Gini inequality disappears when controlling for GDP per capita,
and the sign becomes negative and significant once introducing regional
controls for Sub-Saharan Africa and Latin America, both of which have very
high income inequality levels.
The above empirical findings clearly corroborate the predictions of our model.
Moreover, the size of the effect is economically significant: On average, a 10
point increase in the Gini coefficient (corresponding to shifting from the level
of inequality in Latvia to Kenya) decreases the time required to buy a kilo of
rice by 7 minutes (compared to the 2007 global average of 22 minutes).
Similarly a corresponding inequality increase would on average decrease the
time required for a Big Mac by 16 minutes (compared to the 2007 global
average of 37 minutes).

3.1 Robustness tests
Cross-country variation is known to be vulnerable to bias from omitted
variables. Although table 1 shows that the result is strengthened by the
inclusion of additional control variables, the result may still be spurious due to
some unobserved characteristic. In order to clean the estimates from potential
bias from time invariant unobserved heterogeneity and minimize the risk for
endogeneity, we also run first-differences regression explaining changes in
purchasing power between 1997 and 2009 by changes in inequality from 19921995 to 2004-2007. Table 2 shows the results.
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